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Abstract: In this article results of diagnostic investigations of separately excited DC
motor were presented. In diagnostics were applied a Fourier analysis method based on
the fast Fourier transform (FFT) and a recognition method using Bayes classifier. In training process a set of the most important frequencies has been determined for which
differences of corresponding signals in two states are the largest. Three categories of
signals have been recognized in identification process: faultless state, state of the rotor
broken one coil and state of the rotor shorted three coils.
Key words: DC motor, diagnostic investigations, FFT, Bayes classifier

1. Introduction
Diagnostic tests are used to detect possible damages in electric circuits of DC and AC
motors [2, 7, 10, 12, 13, 17, 20, 21]. For this purpose the relevant methods of analysis and
recognition of measuring signals are used [1, 3, 4, 14-16, 18, 22, 23]. Diagnostic signals that
contain information about the state of the motor can be electric, acoustic, mechanical, thermal
and other quantities [6, 8, 9, 11, 19]. The basic electrical signals in the diagnostics are currents
and voltages in electrical circuits of the motor. Current signals are often used in diagnostics
because of the lower sensitivity on the external disturbances in comparison with the voltage
signals. This paper presents the results of diagnostics of separately excited DC motor, which
uses two signals: the excitation current and the armature current. In the research the method of
analysis based on the fast Fourier transform (FFT) and the method of recognition using Bayes
classifier [5] have been applied.
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2. Bayes classifier
The classifier is based on Bayes theorem described by formula (1):
P (C i | X ) =

P (C i ) P ( X | C i )
,
P (C1 ) P ( X | C1 ) + ... + P (C n ) P ( X | C n )

(1)

where: P(Ci) – the probability of the event (category) Ci, P(Ci | X) – the probability of the
event (category) Ci under the condition that event (signal) X occurred, P(X | Ci) – the probability of the event (signal) X under the condition that event (category) Ci occurred.
In the statistical methods presented in 1973 by Richard O. Duda and Peter E. Hart, deciding to assign an unknown signal to the class, we consider the probability of belonging of
objects to classes and the costs of misclassification. Bayes classifier assigns a signal to the
class for which the posterior probability is highest.
Therefore X = {X1} is assigned to the class ωL, if there is a relationship (2):
P (ω L X 1 ) 〉

P(ω j X 1 ), for each j ∈ {1, 2, ..., C}, j ≠ L,

(2)

when we identify signals in n-dimensional feature space, i.e. Χ={X1, X2,…,Xn}, we can use
a simple Bayes classifier.
In this classifier is assumed the mutual independence of the features. The probability density distribution of the n-dimensional feature vector is defined by formula (3):

p( Xω j ) =

n

C p( X

i

ω j ).

(3)

i =1

Another generalization of the Bayes classifier is based on taking into account that not all of
the wrong decisions in recognizing an object are the same “expensive” (i.e. have the same
negative consequences). In order to take into account this fact, a cost (mistakes) function is
introduced. Based on this function and the posterior probability function a risk classifier is
defined.
The purpose of this classifier is to minimize the risk function.

3. Measurements of diagnostic signals
The object of the research was separately excited DC motor made by BOBRME KOMEL
in Katowice (Fig. 1). This machine allows to implement one broken coil of the rotor and three
or six shorted coils of the rotor. The motor had the following data: PN = 13 kW, UN = 75 V,
IN = 200 A, Uf N = 220 V, nN = 700 rpm, p = 2, Nr = 42, K = 126.
The motor had a simple loop winding in the rotor and was powered by a voltage generator.
Another voltage generator, working on the external resistance, was used as the load for the
motor.
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The measurements were performed in the laboratory conditions using data acquisition card
with sampling frequency of 20 kHz and recording time of 10 s.
The following signals were recorded: the speed of the rotor, the armature voltage, the armature current, the excitation voltage, the excitation current, the current in the rotor shorted
coils. For the purpose of the learning and identification processes a multivariate registrations
of loaded motor were carried out in following states: faultless state, the state of the one broken
coil of the rotor, the state of the three shorted coils of the rotor, the state of the six shorted
coils of the rotor, the state of the one broken coil and the three shorted coils of the rotor, the
state of the one broken coil and six shorted coils of the rotor, for rotor speeds: 700 rpm,
600 rpm, 500 rpm, 400 rpm.
From the registered quantities as diagnostic signals the excitation current and the armature
current were selected.

Fig. 1. Separately excited DC motor

4. Analysis and recognition of diagnostic signals

amplitudes of frequencies
of excitation current [A]

The recorded signals were divided into samples with a length of 0.2 s, 0.4 s, 0.6 s, 0.8 s,
1 s, 1.2 s, 1.4 s, 1.6 s, 1.8 s 2 s. Then FFT analysis of signals was conducted. The results of the
FFT analysis of the excitation current and the armature current for a rotor speed of 700 rpm is
shown in Figures 2-7.
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Fig. 2. Frequency spectrum of the excitation current in the faultless state
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Fig. 3. Frequency spectrum of the excitation current in the state of the one broken coil of the rotor
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Fig. 4. Frequency spectrum of the excitation current in the state of the three shorted coils of the rotor
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Fig. 5. Frequency spectrum of the armature current in the faultless state
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Fig.6. Frequency spectrum of the armature current in the state of the one broken coil of the rotor

For each signal sample length a set of the most important frequencies was defined for
which the signal differences corresponding to the motor in two states are the biggest. In learn-
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ing and identification processes the feature vectors of diagnostic signals for frequencies belonging to the set of the most important frequencies were created. Components of the feature
vectors were amplitudes of frequencies of the excitation current and the armature current for
three states: the faultless state, the state of the one broken coil of the rotor and the state of the
three shorted coils of the rotor.
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Fig. 7. Frequency spectrum of the armature current in the state of the three shorted coils of the rotor

In learning and identification processes the Bayes classifier was used.
The efficiency of the signal recognition of the motor was defined by the formula (4):
E ns =

N np
⋅ 100%,
N nw

(4)

where Ens – the efficiency of the signal recognition of the motor for n-second signal samples,
Nnp, Nnw – numbers of successful diagnosis and all diagnoses for n-second motor signal
samples in the states: faultless state, the state of the one broken coil of the rotor and the state
of the three shorted coils of the rotor.
The efficiency of the state recognition of the motor was defined by the formula (5):
En =

E nb + E np + E nz
,
3

(5)

where: En – efficiency of the state recognition of the motor for n-second signal samples, Enb,
Enp, Enz – efficiencies of the signal recognition of the motor for n-seconds signal samples in
the states: faultless state, the state of the one broken coil of the rotor and the state of the three
shorted coils of the rotor.
Efficiencies of the signal recognition of the motor were as follows:
1) in the faultless state:
a) the excitation current: Ens = 100%,
b) the armature current: Ens = 100%,
2) in the state of the one broken coil of the rotor:
a) the excitation current: Ens = 100%,
b) the armature current: Ens = 100%,
3) in the state of the three shorted coils of the rotor:
a) the excitation current: Ens = 100%,
b) the armature current: Ens = 100%.
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The efficiencies (En) of the state recognition of the motor based on the excitation current
and the armature current were equal to 100%.

5. Conclusions
The applied methods of analysis and recognition allow to determine the state of the separately excited DC motor, e.g. the state without faults, the state of the one broken coil of the
rotor and the state of the three shorted coils of the rotor, on the basis of diagnostic samples of
the excitation current and armature current. In the laboratory conditions the efficiencies of
motor state recognition based on the excitation current and the armature current were 100%.
The efficiencies of state recognition of this motor in the industry conditions are assumed to be
lower.
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